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Abstract:  Detecting changes in a data stream is very important area of research with several applications. we use a method for 
the detection and estimation of change. This strategy mainly dealing with distribution change when learning from data 
sequences which may vary with time. We use sliding window whose size, rather than being fixed a priori, is recomputed 
according to the rate of change determined from the data in the window itself. This delivers the user to guess a time-scale for 
change within the data stream. 
 In this project we tend to use Jio tweets in twitter as data stream. Reliance Jio network offers cost free services, the 100% 
satisfaction of its customer could be a doubtful one. Though the customers are availing Jio services, they spend some amount for 
using other networks. If Reliance Jio fails to give the full satisfaction to its customer, it is tough to sustain its image in the 
systematic nation. Hence the study is undertaken for the aim of analyzing the Sentimental level of the customer of Jio network. 
Keywords:  Change Detection, Jio, Twitter, Sentiment. 

I.  INTRODUCTION 
Twitter may be a “micro-blogging” social networking web site that includes a massive and speedily growing user base. people who 
use Twitter will write short a hundred and forty characters long or less updates known as ‘tweets’. ‘Tweets’ ar seen by people who 
‘follow’ the one who ‘tweeted’. owing to the growing quality of the web site, Twitter will give a chic bank of information within the 
style of harvested “tweets”. Twitter by its terribly nature, permits individuals to convey their opinions and thoughts overtly 
regarding no matter topic, discussion purpose or product that they're interested in sharing their opinions about. 
Dealing with data whose nature changes over time is one of the core problems in data mining and machine learning. To mine or 
learn such data, one needs strategies for the following three tasks, at least: 1) detecting  when change occurs 2) deciding which 
examples to keep and which ones to forget (or, more in general, keeping updated sufficient statistics), and 3) revising the current 
model(s) when significant change has been detected handle English language. We use ADWIN sliding window algorithm to detect 
changes in the streaming data. . The algorithm automatically grows the window when no change is apparent, and shrinks it when 
data changes. Finally, it signals alarm when change is detected. 

II.    LITERATURE REVIEW 
The concept drift detection problem has a classic statistical interpretation: given a sample of data, does this sample represent a single 
homogeneous distribution or is there some point in the data (i.e the concept change point) at which the data distribution has 
undergone a significant shift from a statistical point of view? All concept change detection approaches in the literature formulate the 
problem from this viewpoint but the models and the algorithms used to solve this problem differ greatly in their detail. Sebastiao 
and Gama [2] present a concise survey on change detection methods. They point out that methods used fall into four basic 
categories: Statistical Process Control (SPC), Adaptive Windowing, Fixed Cumulative Windowing Schemes and fi- nally other 
classic statistical change detection methods. Early Drift Detection Method (EDDM) [3] works on the same basic principle as the 
authors earlier work but uses different statistics to detect change. More recently Bifet et al [1] proposed an adaptive windowing 
scheme called ADWIN that is based on the use of the Hoeffding bound to detect concept change. The  
ADWIN algorithm was shown to outperform the SPC approach and has the engaging property of providing rigorous guarantees on 
false positive and false negative rates. ADWIN maintains a window (W) of instances at a given time and compares the mean 
distinction of any 2 sub windows (W0 of older instances and W1 of recent instances from W). If the mean distinction is statistically 
vital, then ADWIN removes all instances of W0 thought of to represent the previous conception and only carries W1 forward to the 
next test. 
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Pak and. Paroubek (2010) created a twitter corpus by employing a Twitter API that mechanically collected tweets from Twitter 
further as expansion those using emoticons. using that corpus, they designed a sentiment classifier that used N-gram and POS-tags 
as options supported the multinomial Naive Bayes classifier.    

III.   PROBLEM SPECIFICATION 
studio will perform a series of analysis on the data such as a knowledge based techniques which uses a sentiment lexicon to 
determine the number of positive and negative tweets. 
ADWIN sliding window algorithm to detect changes in the streaming data. The algorithm automatically grows the window when no 
change is apparent, and shrinks it when data changes. Finally, it signals alarm when change is detected 

IV.      SOLUTION 
From Twitter, we gather tweets using Twitter API based on keywords #jio. This project can verify the sentiment orientation of the 
tweets and also detect the changes in tweeted words in terms of frequencies by applying ADWIN sliding window algorithm.. 

V.     RESULTS 
In  R studio we applied ADWIN algorithm to get some insights to the Jio tweets and then finally the sentiment change is detected at 
the time of 05/04/2017 7:42 after detecting the change the window length gets increased to 319. Applying the algorithm in in the 
time of detection of change in the R Studio it is possible to observe  the following changes in terms of frequencies of the tweets in 
the table. 

 
 

Looking at the changes in the frequencies of words, we can understand why these changes are happening.Almost every second tweet 
mentioning jio suddenly includes “unlimited” and “Jio” in the entries. A tool like R Studio would have helped Jio to understand the  
sentiment sooner and to respond more appropriately. 
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VI.      CONCLUSION 
Reliance Jio launched in India in september, the company's giving has been restricted to Smartphone users because it could be a 4G 
only network, and to form calls ,a phone should support the VoLTE technology, that is sometimes not found on basic phones so they 
square measure slightly positive towards Jio. Now a phone has to support the VoLTE technology, which is usually not found on 
basic phones functionality. The phone comes with a number of apps and browser installed aside from Jio’s offerings too with 
affordable cost. So customers are very positive towards jio network.  
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VII. FURTHER DEVELOPMENT 
In this Project by looking at the change detection in real time can help people to understand what is happening, what people are 
thinking about brands, different networks and more importantly, how they feel about them. By this algorithm we can detect small 
change reliably declared whether the window shrink’s and any time the average over how existing window can be reliably taken as 
current average in the stream but  very small or very recent change that is still not statistically visible. 

REFERENCES 
[1]  Bifet, A., Gavalda, R.: Learning from time-changing data with adaptive windowing. In: ` SDM, SIAM (2007. 
[2] Sebastiao, R., Gama, J.: A study on change detection methods. 4th Portuguese Conf. on Artificial Intelligence (2009)  
[3] Jose, M.B., Campo-Avila, J.D., Fidalgo, R., Bifet, A., Gavald ´ a, R., Morales-bueno, R.: Early ` Drift Detection Method. In: Proc. of the 4th ECML PKDD Int. 

Workshop on Knowledge Discovery from Data Streams. (2006) 77–86. 
[4] Rheinisch-Westfälische Technische Hochschule Aachen Prof. Dr. T. Seidl Data Stream Mining (2012)3-5 
[5] Text Analysis with R for Students of Literature Authors: Jockers, Matthew (2014) 11-28. 
[6] Elegant Graphics for Data Analysis (Use R!) 2nd ed. (2016) Edition 18-25. 
[7] Text Mining: Predictive Methods for Analyzing Unstructured Information Softcover reprint of hardcover 1st ed. 2005 Edition by Sholom M. Weiss (Author), 

Nitin Indurkhya (Author), Tong Zhang (Author), Fred Damerau (Author). 
[8] Hoeglinger, S., Pears, R., Koh, Y.: Cbdt: A concept based approach to data stream mining. In : Advances in Knowledge Discovery and Data Mining Lecture 

Notes in Computer Science Volume 5476, 2009, pp 1006-1012, Springer (2009) 1006–1012 
[9]  Hulten,G,. Spencer, l. Dominigs, P,:mining  time - changing data stream, in proc of the 2001 ACMSIGKDD. (2001) 97–106 
[10] Kifer, D., Ben-David, S., Gehrke, J.: Detecting change in data streams. In: Proceedings of the Thirtieth international conference on VLDB - Volume 30, 

VLDB Endowment (2004) 180–191. 



 


