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Abstract: This paper focuses on different algorithms and techniques that can be used for processing the medical images digitally.
The algorithms starting from the pre-processing phase to the final result phase have been listed and explained here. Newer
algorithms are more powerful and proficient. The advancement in the devices such as microscopes and digital cameras has led
to a high-quality input dataset. This progress has contributed to the increased efficiency of the algorithms. The advantages and
disadvantages of each method are described. Each algorithm is explained separately with its ability and features for the analysis
of grey-level images. The following study helps an individual to choose a best fit algorithm that suits his requirements.
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I. INTRODUCTION
In mathematics and computer science, an algorithm is an unambiguous specification of how to solve a class of problems.
Algorithms can perform calculation, data processing and automated reasoning tasks. An algorithm is an effective method that can be
expressed within a finite amount of space and timeand in a well-defined formal language for calculating a function. ™!
Medical images have made a great impact on medicine, diagnosis, and treatment. These images play an important role in medical
applications for the purpose of diagnosing various medical conditions by doctors, who otherwise use traditional means of detecting
them. Diagnosis by a human is more prone to errors and is less accurate when compared to that of a computer which uses
generalized algorithms.
Over the course of years, contributions by medical image processing are of great amount in medical applications; for example, the
use of image segmentation, and image guided surgery is common in medical surgery. The oldest is X-ray, which has been applied
by the doctors for over hundred years. In this method, electromagnetic radiation with shorter wavelength and higher energy has been
used. CT is yet another technique in medical imaging that uses X-ray in capturing the images of internal body organs. It produces
many slices of each organ that are parallel to each other, by passing X-ray pulses through the body . The other imaging technique
is Magnetic Resonance Imaging (MRI). This medical imaging technique works based on the characteristics of magnetism and
provides a great deal of information about internal organs. It is commonly used in medical applications due to the fact that this
technique has various benefits compared to other techniques. It also provides a number of parallel slices for each organ in three
dimensions with high contrast between tissues. One of the biggest hurdles in MRI application is that the data volume is too huge for
manual analysis © ® %, The other disadvantages are noise, intensity in homogeneities, low contrast between certain tissues, and
partial volume effects in the segmentation task. The most important step of image processing in medical field is image segmentation
which is a process for extracting the region of interest (ROI) through an automatic or semi-automatic procedure.
Many image segmentation methods are available in medical applications to segment tissues and body organs. Some of the
applications consist of border detection in angiograms of coronary, surgical planning, simulation of surgeries, tumor detection and
segmentation, brain development study, functional mapping, blood cells automated classification, mass detection in mammograms,
image registration, heart segmentation and analysis of cardiac images, etc. “°*®. In medical research, segmentation can be used in
isolating different tissues from each other, through the extraction and classification of features. Classifying image pixels into
anatomical regions may be useful in extracting muscles, bones, and blood vessels. For example, the aim of some brain research
works is to partition the image into different region colors such as white and different grey spectra which can be useful in
identifying the cerebrospinal fluid in brain images, white matter, and grey matter . This process can also prove useful in
extracting the specific structure of breast tumors from MRI images .
The above discussed techniques used for diagnosis requires complex and huge machines. Therefore, the recent advancement uses a
simple digital camera having high-definition color. The digital images of blood smears are taken with certain magnification factor.
These microscopic images along with appropriate algorithms help to interpret the disease.

©IJRASET (UGC Approved Journal): All Rights are Reserved




International Journal for Research in Applied Science & Engineering Technology (IJRASET)
ISSN: 2321-9653; IC Value: 45.98; SJ Impact Factor: 6.887
Volume 6 Issue 111, March 2018- Available at www.ijraset.com

Il. RELATED WORK
A. Pre-processing Algorithms
The acquired image should be pre-processed in order to obtain accurate results. The following are the techniques required to be
performed before the image is being processed.

Color-scale smear images

l

Pre-processing

)

Segmentation

)

Feature extraction

I

Classification

¥ ¥ ¥
Maximum Genetic Algorithm Minimum
Likelihood Distance

B. Clustering Algorithms

In image processing and machine learning applications, image segmentation presents division of areas having similar properties.
Through image segmentation, a given image can be converted into a meaningful form for further analysis.

1) Standard K-Means: K-means (MacQueen, 1967) is one of the simplest unsupervised learning algorithms that solve the well-
known clustering problem. The main idea of the learning process is based on the center-based clustering method. The method is
divided into 2 phases: first phase is defining the k-centroids, one for each cluster which contribute to the initial steps for the whole
process. Then each point from data set will be mapped to the nearest centroids until all points are assigned based on minimum
Euclidean Distance. Second phase observed the updates each of the points. The k-centroids need to be recalculate as new k-
centroids and new mapping need to be done between the points and the new k-centroids. This process will give changes in k-
centroids location step by step until the k-centroids do not move anymore.

According to D. Malyszko ®, the general steps of the center-based clustering are:

a) Initialize step with initial k-centroids value randomly.

b) For each data point xj, compute its minimum distance with each center ;.

c) For each center p;, recomputed the new center from all data points x; belong to this cluster.

d) Repeat steps 2 and 3 until convergence.

Algorithm ®: Input (k, data)
i Choose k random positions in the input space
ii.  Assign the cluster centres Hj to those positions
iii. For each x; € data
a) Compute the distance Dist(x
b) Assign x;to the cluster with the minimum distance

i ”’jjfor each H;
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iv. For each I

Move the position of 1 ;to the mean of the points in that cluster:

1 a'l."_l-'
”j_,-.;j i=1 %

The algorithm is based on the following objective function:

w(c) =i 2=l

i=1 &5es (1) where p; is the mean of point Si for i" cluster based on the assignment C.
The interest is to minimize the sum of square distance within the cluster and such assignments have to map each point to its nearest
centroids.

2) Fuzzy C-Means: Fuzzy C-Means is a clustering method which allows single data belong to more than one clusters. This method
(Dunn, 1973) is a pattern recognition based on minimization of the following objective function given as Equation (2) below:

N c
Tm= ) wnllx—g|

i=1j=1
where m is any real number greater than 1, uj is the degree of membership of xi in the cluster j, x; is the i" of d-dimensional
measured data, ¢; is the d-dimension center of the cluster, and ||*|| is any norm expressing the similarity between any measured data
and the center. Fuzzy clustering approach is carried out through an iterative optimization of the objective function shown in (2) with
the update of membership u;; and cluster center c; of:
Algorithm ¥
(1) Initialize a fuzzy partition and set the weight W
(for all Wij)
(2) Repeat
a) Calculate the center of clusters using the fuzzy partition.
b) Update the fuzzy partition, i.e., Wij.

(3) Until the centers do not change.
1
WL’_;" = —!_
]

N m
E:=1“":_;u . X,
o =

) N m
Zizy W

3)Adaptive K-Means: This adaptive K-Means method which proposed recently was originally based on the standard K-Means
algorithm for better segmentation ®”. During initialization step, the placement of the k-centroids is very crucial because different
location will give different result. The standard K-Means method uses the randomly choose k-centroids which leads to accuracy
degradation in segmentation. This may cause inconsistent result in the image segmentation. Despite of using the normal randomly
choose initial k-centroids, this adaptive method manipulates the local minimum and maximum values based on the RGB color space
during the initialization step. The enhanced initialization method returns a two-element array with minimum and maximum RGB
values from the whole pixel area. The operator computes the maximum and minimum pixel values for each band of a rendered
image within the region of interest. The adaptive method is an iteration-based clustering that produces an optimal value of initial k-
centroids by minimizing the objective function. The initial k-centroids can be obtained by using the following objective function:

o = zz a(”m?ﬂ’“‘?ﬂﬂ?ﬂj

-1 k—1 (4) where a is the Euclidean distance between minimum RGB value i and
maximum RGB value pmay, N represent the number of image pixels and c is the total number of cluster. %1
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C. Thresholding Algorithms

Thresholding is one of the simplest and fastest segmentation methods based on the assumption that images are formed from regions
with different grey levels.

1)Local Thresholding: Global thresholding does not provide satisfactory results for some type of images such as images which do
not have a constant background and have diversity across the object. For this kind of images, thresholding provides a good result in
one region but fails in other parts of images ?**%. In order to find different threshold values for different parts of images, the local
thresholding method divides images into sub images and then calculates the threshold value for each part. The results of
thresholding for each part of an image are then merged. In this method, an image is divided into vertical and horizontal lines,
whereas each part includes a region of both the background and the object. Finally, an interpolation is needed to produce appropriate
results.

Different statistical methods are used to select the threshold value for each sub image, for example, mean, standard deviation, mean
and standard deviation together, and mean of maximum and minimum.

Local thresholding needs more time to segment an image compared to global thresholding. This method is more useful in the case of
images with varying backgrounds.

D. Classification Algorithms

Classification is a pattern recognition technique which uses training data to find the patterns. Training data includes a sample of
image features with their target labels. This technique is known as the supervised learning technique, because it involves training
data which are segmented manually and then presented to the automatic process B4

1) k-Nearest Neighbor: K-nearest-neighbor (k-nn) is a regular non-parametric and commonly used classification method. This
method is known as a non-parametric method because the k-nn algorithm does not need any information about statistical properties
of pixels. The k-nn algorithm needs a great amount of sample data which are labelled as training data. In this algorithm, k is the
number of nearest neighbors.
Below, we explain the k-nn algorithm.

Algorithm:

Xp = Xy - Xnp} where Xp € Mpune,

a) Set labelled training data
b) Choose k neighbors to find.

c) Choose d: R’ * R” —R" any metric (distance measure) on RP.
d) For any vector z in RP: using Xp = {X;}

Calculate and sort the distances d(z,x;) as {di=d2=--=dk=dk+1=-.<dnD}

Find the column in Uz corresponding to the k-nearest neighbor indices {1, 2, ..., k}.
Compute the label vector

T
U(*|z) = [u(llzj,u(zlzj,...,u(clz]:} with k-nn labels from Uy:

ke
T
ulilz) ZZ% fori=12,...,c
=1

Decide £ € | = Dy (2] = €; & ul(ilz) = max{u(ilz)},

where z is the new data, Xp is the training data, R” is the domain, and p is the dimension of data. The term d is the Euclidean
distance between two vectors in RP and is declared as follows:

—_—
d(z,x) = llz,xll =+ (z.x)7 (z.x,).

Here we present the standard k-nn. Three parameters which affect the k-nn results are as follows: (1) finding a suitable k to classify
the data, (2) selecting the measurement for distance (like Euclidean distance), and (3) the method of counting votes 73!

a) Advantages
K-NN is an unbiased algorithm and need not have any assumption of the data under consideration.
It is very popular because of its simplicity and ease of implementation plus effectiveness.
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Robust to noisy training data
Effective if training data is large.
b) Disadvantages
k-NN does not create model, hence, the process of abstraction is not included.
It requires high time to prepare data to design a robust system.
Need to determine the value of parameter K(number of nearest neighbours).
Computation cost is high because we need to compute the distance from each of the instance to all training samples.

2) Support Vector Machine: The core mechanism of SVM is to find the optimal classification hyperplane satisfying the
classification requirements. So that the hyperplane is able to not only guarantee the classification accuracy but also maximize the
blank area beside the hyperplane. But in order to maximize the segmentation accuracy, we combine the SVM and ISODATA
algorithm. And as an unsupervised method, ISODATA permits diverse number of clusters * 2% to be specified rather than requiring
that is known as a priori so that we can use it to correct the pixels which have been identified into incorrect parts. Then the improved
SVM algorithm calculates the Euclidean distance between each pixel and the cluster centres which are determined by the
hyperplane so it can correct the miss-identified pixels by putting them into the minimum Euclidean distance cluster using the

adaptive method of unsupervised ISODATA. A training sample set(Xe ¥i),i = 1,2 ..,.1, X € R",—1 = ¥ < Lypq given, and
the algorithm is as follows:
Stepl: In order to make the hyperplane

(Zei) +b = Ogyitable for every point in the training sample sets, we set the constraint condition

Y;[(wex ) + bl =1 The margin of two classes is

1
/2l
Step2: Lagrange is added to solve the optimization problem by the equation (6)

L@ b.a) = % lwll— a(y (@ s %) +b) — 1)

Step3: The problem is solved when partial derivative is zero which can convert the quadratic programming into relevant dual
problem shown in the equation (7)

7
4

. T 1 L
Q(a) = z a; — EZZ a;a;yy;(x *x

i=1 i=1j=1

bl
E

s. t.z a;y; = 0,je[1,1],a; = 0
=1
Step4: Equation (8) represents the final function for classification

c(x) = sgn z a;v;(x; ex, )+ b
=1
Step5: Suppose that through the above steps we have K classes, and P denotes the spectrums of the images. Define My ji , as the (i,
J) pixel of the K class. Define Z, , as the cluster center of every class and it is calculated by the equation (9)

M N
_ Xizo =0 M jie o

® Ny, (9) where Ny is the total pixels of the image in the cluster .
Step6: Sum up the Euclidean distance between each pixel M j, , and each cluster center Z, , of all the bands, represents as D jk

) B
Dy = Z(MER,_,I'R,'p — i
»=1 (10)

Step7: For pixels My jk p, if Dix j < Dix . jx Where Dy j represents the previous distance, then M jx », € ¢, @x means the cluster k.
Equation (11) calculates the new value Z,_ ,

Zy
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1P = N Z M s, jte
My o™ (12)
_ ) ) ) FL+1 = 7L )
Step8: Execute the step6 to sept7, then LP=LP-1 where LP is the iteration. If LP>1 or™ k& k2, then go through the algorithm
from step B; else LP=1 or
Zig =Z irﬂ, then stop the iteration. )
a) Advantages
i. It gains flexibility in the choice of the form of the threshold.
ii.  Contains a nonlinear transformation.
iii. It provides a good generalization capability.
iv.  The problem of over fitting is eliminated.
v.  Reduction in computational complexity.
vi.  Simple to manage decision rule complexity and Error frequency.
b) Disadvantages
i Result transparency is low.
il Training is time consuming.
iil. Structure of algorithm is difficult to understand
iv. Determination of optimal parameters is not easy when there is nonlinearly separable training data.

3) Maximum Likelihood: Maximum Likelihood classifier is one of the most popular methods of classification where a pixel with
the maximum likelihood is classified into the corresponding class. The likelihood Ly is defined as the posterior probability of a pixel
belonging to class k.

P(k)=P(X/k
Lo=P(F/y) =7 75
LP(i)=P(X/i)

where P{k]: prior probability of class k
P(X /). conditional probability to observe X from class k, or probability density function

= P(X/1)

Pli .
Usually P(k) are assumed to be equal to each other and Z 2 is also common to all classes. Therefore,

Ly depends on P(X/k) or the probability density function.

Maximum likelihood estimates the parameter of a statistical model. In this method, it is supposed that there is a huge volume of data
and we just have a sample set of these data. Finding the distribution of original data is not possible or the cost of it is not reasonable.
Thus, we need to find a distribution parameter based on existing data. One of the popularly used distributions is Gaussian
distribution. Therefore, we can find the mean and variance of sample data and use it to estimate the original data model. This
method tries to find the best estimation for sample data to produce a nearest data model to original data. 2 2 3%

a) Advantages
i.Maximum Likelihood can be used in a wide range of estimation situations. For example, it can be performed on each sample of
original Data with various censoring models
ii. Approximation of normal distributions and approximation of sample variances that can be applied to produce confidence bounds
and suggestion tests for the parameters
b) Disadvantages
i.  When the distribution of the population does not allow the normal distribution, the maximum likelihood method cannot be
applied.
ii.  Maximum likelihood estimation cannot be applied with small samples of data.
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4) Artificial Neural Networks
Acrtificial neural network is a type of artificial intelligence that emits some functions of the human mind. An ANN is having a
sequence of layers. Each layer of neural network system consists of a set of neurons. Neurons of all layers are linked by weighted
connections to all neurons of the preceding and succeeding layers. The accuracy depends on the number of input and structure of the
network. ANN is non-parametric approach. In this method, the classification of the input is very fast, but the training process is slow.
Choosing correct architecture is tough. ¥4
A neural network model is similar to human nervous system. As the human learn things by experience and practice or by repetition,
to develop the human like behavior in machine we use artificial intelligence and neural network model uses the concept of artificial
intelligence that’s why it called as artificial neural network. The artificial neural network is taught through a dataset. This dataset
may be known to us then ANN is trained in a supervised manner, and it learns precisely and quickly about the pattern buried in
dataset. And Trained ANN is used to identify the patterns for which it is trained. But if the dataset is not known to us in advance
then the unsupervised training is used. The neural network is consist of neurons that are correlated together to convert inputs into
useful output. 1**!
a) Advantages

It is a non-parametric classifier.

It is a universal functional approximator with arbitrary accuracy.

capable to present functions such as OR, AND, NOT

It is a data driven self adaptive technique

efficiently handles noisy inputs

Computation rate is high
b) Disadvantages

It is semantically poor.

The training of ANN is time taking.

There exists a problem of over fitting.

Difficult in choosing the type network architecture.

5) Genetic Algorithm
Genetic Algorithm (GA) is an optimization-based method that uses population for solving optimization problems. It is been
effectively applied in image segmentation and enhancement of images. It mainly helps in improving the quality of the images and
gives the better visual perception to the images to produce better outcomes. It is one of the evolutionary problems 2. GA works
best on practical problems. It has two parameters such as crossover and mutation and works well than common image enhancement
techniques. A typical genetic algorithm requires: 1. A genetic representation of the solution domain. 2. A fitness function to evaluate
the solution domain This step starts with producing generations using Selection, Crossover and Mutation. Selection — it randomly
chooses a value from the database, Crossover- it chooses a value from the input image and from the " generation, which consists of
the characteristics’ value, and combines it, Mutation — it chooses a random value based from the range of the characteristics’ value.
Then using any combinations of selection, crossover and mutation, it searches an acceptable value based from the fitness value. “*!
Algorithm:
initialize population;
evaluate population;
while termination criterion not reached
[
select solutions for next population;
perform cross-over and mutation;
evaluate population;

]

6) Decision Tree

Decision tree is a tree-like graph of decisions. Each branch represents the decisions to be made graphically. It is a non-parametric
supervised approach. It partitions input into uniform classes. This method permits the acceptation and rejection of class label at each
intermediate stage. This method gives the set of rules after classification that should be understood.
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The decision-tree classifier is hierarchically based classifier which compares the data with a range of properly selected features. The
selection of features is determined from an assessment of the spectral distributions or separability of the classes. There is no
generally established procedure. Therefore, each decision-tree or set of rules should be designed by an expert. When a decision-tree
provides only two outcomes at each stage, the classifier is called binary decision-tree classifier.
a) Advantages
Computing time is less than the maximum likelihood classifier and by comparison statistical errors are avoided.
Can handle nonparametric training data
Does not require an extensive design and training.
Provides hierarchical associations between input variables to forecast class membership and provides a set of rules n are easy to
interpret.
Simple and computational efficiency is good.
b) Disadvantages
The usage of hyperplane decision boundaries parallel to the feature axes may restrict their use in which classes are clearly
distinguishable.
Becomes complex calculation when various values are undecided and/or when various outcomes are correlated.
The accuracy fully depends on design of decision-tree and selected features.
Splits are very sensitive to training data set.

7) Minimum Distance Classifier

The minimum distance classifier is used to classify unknown image data to classes which minimize the distance between the classes
in multi-feature space. The distance is defined as an index of similarity so that the minimum distance is identical to the maximum
similarity. The following distances are often used in this procedure:

a) Euclidean distance

di = (¥ — ui)" (X — #x) is used in cases where the variances of the population classes are different to each other. The
Euclidean distance is theoretically identical to the similarity index.
b) Normalized Euclidean distance
The normalized Euclidean distance is proportional to the similarity index, in the case of difference variance.
di = (X — oot (X — )
c) Mahalanobis distance
In cases where there is correlation between access in feature space, the mahalanobis distance with variance-covariance matrix
should be used as
di = (8 — pp " Tt (X — )
where X: vector of image data
4z : mean of the k™ class
Ok : variance matrix

Li: variance-covariance matrix
a) Advantages
Minimum distance classifier is fast compared to other classifiers.
Minimum distance classifiers do not contain unclassified pixels.
b) Disadvantages
This classifier does not incorporate variability of signatures.
It is useful only when distance between means is large when compared to randomness of each class with respect to its mean.

111.CONCLUSIONS
In this paper, diverse algorithms that could be applied in the area of image processing are discussed. Any image processing requires
the following stages which include: Pre-processing, segmentation, classification. The algorithms for certain important stages are
discussed briefly. They include Local thresholding for thresholding mechanism, K-means, Fuzzy C-Means (FCM), and Adaptive K-
Means for segmentation, and finally K-nearest algorithm, Support Vector Machines (SVM), Maximum Likelihood, Artificial Neural
networks (ANN), Genetic Algorithm, Decision Tree, and Minimum Distance Classifier as classification algorithms. The above
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listed are some of the well-known algorithms, however, there are many more algorithms that can be used depending on the
requirements.

(1]
[2]

(3]
[4]
(5]
[6]
[’
(8]
[9]
[10]
[11]
[12]
[13]
[14]
[15]

[16]

[17]

[18]
[19]

[20]

[21]
[22]

[23]

[24]
[25]

[26]
[27]
[28]
[29]
[30]

[31]
[32]

REFERENCES
https://en.wikipedia.org/wiki/Algorithm
Alireza Norouzil, Mohd Shafry Mohd Rahim, Ayman Altameem, Tanzila Saba, Abdolvahab Ehsani Rad, Amjad Rehman and Mueen Uddin, “Medical Image
Segmentation Methods, Algorithms, and Applications,” IETE Technical Review - June 2014
T. Saba, S. Alzorani, and A. Rehman, “Expert system for offline clinical guidance and treatment,” Life Sci. J., Vol. 9, no. 4, pp. 2639~ 58, 2012.
T. Saba, and A. Rehman, “Effects of artificially intelligent tools on pattern recognition,” Int. J. Mach. Learn. Cybern., Vol. 4, pp. 155- 62, 2012.
A. Rehman, and T. Saba “Neural network for document image preprocessing,” Artif. Intell. Rev., Vol. 4, no. 2, pp. 155- 62, 2012.
M. S. M. Rahim, A. Rehman, N. Sholihah, F. Kurniawan, and T. Saba, “Region-based features extraction in ear biometrics,” Int. J. Acad. Res., Vol. 4, no. 1,
pp. 37+ 42,2012.
S. M. N. K. A. K. Dhara, “Computer-aided detection and analysis of pulmonary nodule from CT images: A survey,” IETE Tech. Rev., Vol. 29, no. 4, pp.
265- 75, 2012.
R. B. Dubey, M. Tech, and H. Madasu, “The brain image segmentation technique and use of diagnostic packages,” Acad. Radiol., Vol. 17, no. 5, pp. 658+ 71,
2010.
R. Metter, J. Beutel, and H. Kundel, Handbook of Medical Imaging. Washington, DC: SPIE Publications, 2009, pp. 37- 45. Figure 9: IETE TECHNICAL
REVIEW | VOL 31 |[NO 3| MAY - JUN 2014
I. Bankman, T. Nizialek, I. Simon, O. Gatewood, |. Weinberg, and W. Brody, “Segmentation algorithms for detecting microcalcifications in mammograms,”
IEEE Trans. Inform. Techn. Biomed., Vol. 1, no. 2, pp. 141- 9, 1997.
A. Rehman, and T. Saba, “Features extraction for soccer video semantic analysis: Current achievements and remaining issues,” Artif. Intell. Rev., Vol 41, no.
3, pp. 451+ 61, 2012.
A. Rehman, and T. Saba, “Document skew estimation and correction: Analysis of techniques, common problems and possible solutions,” Appl. Artif. Intell.,
Vol. 25, no. 9, pp. 769- 87, 2011.
G. Saradhi, G. Gopalakrishnan, A. Roy, R. Mullick, R. Manjeshwar, K. Thielemans, and U. Patil, “A framework for automated tumor detection in thoracic
FDG pet images using texturebased features,” in Proceedings of the IEEE International Symposium on Digital Object Identifier, Boston, MA, 2009, pp.
97- 100.
Z. Zhang, W. Stoecker, and R. Moss, “Border detection on digitized skin tumor images,” IEEE Trans. Med. Imaging, Vol. 9, no. 11, pp. 1128+ 43, 2000.
U. Kurkure, A. Pednekar, R. Muthupillai, S. Flamm, and |. Kakadiaris, “Localization and segmentation of left ventricle in cardiac cine-MR images,” IEEE
Trans. Biomed. Eng., Vol. 56, no. 5, pp.1360- 70, 2009.
F. Castro, C. Pollo, R. Meuli, P. Maeder, O. Cuisenaire, M. Cuadra, J.-G. Villemure, and J.-P. Thiran, “A cross validation study of deep brain stimulation
targeting: From experts to atlashased, segmentation-based and automatic registration algorithms,” IEEE Trans. Med. Imaging, Vol. 25, no. 11, pp. 1440~ 50,
2006.
J. Rogowska, “Overview and fundamentals of medical image segmentation,” in Handbook of Medical Imaging, Orlando, FL: Academic Press, 2000, pp.
69- 85.
T. Saba, A. Rehman, and G. Sulong, “An intelligent approach to image denoising,” J. Theor. Appl. Inf. Technol., Vol. 17, no. 1, pp. 32- 6, 2010.
K. Lim, and A. Pfefferbaum, “Segmentation of MR brain images into cerebrospinal fluid spaces, white and gray matter,” J. Comput. Assist. Tomogr., Vol. 13,
no. 4, pp. 588+ 93, 1989.
F. Lucas-Quesada, U. Sinha, and S. Sinha, “Segmentation strategies for breast tumors from dynamic MR images,” J. Magn. Reson. Imaging, Vol. 6, no. 5, pp.
753- 63, 1996.
C. M. Bishop, Pattern Recognition and Machine Learning. NewYork: Springer, pp. 1_5, 2006
L. Clarke, R. P. Velthuizen, S. Phuphanich, J. Schellenberg, J. Arrington, and M. Silbiger, “MRI: Stability of three supervised segmentation techniques,”
Magn. Reson. Imag., Vol. 11, no. 1, pp. 95_106, 1993
Boudraa, Abd Ei Ouahab, Champier, Jacques Automatic “Left Ventricular cavity detection using Fuzzy lsodata and connected-components labeling
algorithms” pp.1895- 1896, 1992.
Systems, Man, Cybernetics “Thresholding Using the ISODATA Clustering Algorithm” pp.771-774, 1980.
Qian Wang, Li Chang, Zhen Sun, Mei Zhou, Qingli Li, Hongying Liu, and Fangmin Guo, “An Improved Support Vector Machine Algorithm for Blood Cell
Segmentation From Hyperspectral Images”
D. Malyszko, and S. T. Wierzchon, “Standard and Genetic K-Means Clustering Techniques in Image Segmentation”. (CISIM'07) 0-7695- 2894-5/07 IEEE,
2007
F. H . A Jabar, W. Ismail, K. A Rahim, and R. Hassan, " K-Means Clustering For Acute Leukemia Blood Cells Image", Proceedings of the International
Conference on Soft Computing and Computational Mathematics (ICSCCM), 2013.
Farah H. A. Jabar, Waidah Ismail, Rosalina A.Salam, and Rosline Hassan, “Image Segmentation Using an Adaptive Clustering Technique for the Detection of
Acute Leukemia Blood Cells Images”
A. E. Rad, M. S. M. Rahim, A. Rehman, A. Altameem, and T. Saba, “Evaluation of current dental radiographs segmentation approaches in computer-aided
applications,” IETE Tech. Rev., Vol. 30, no. 3, pp. 210- 22, 2013
T.J. U. C. T. Ahsan, “Facial expression recognition using local transitional pattern on Gabor filtered facial images,” IETE Tech. Rev., Vol. 30, no. 1, pp.
47- 52, 2013.
Myung, “Tutorial on maximum likelihood estimation,” J. Math. Psychol., VVol. 47, no. 1, pp. 90_100, 2003.
J. Xie, and H. Tsui, “Image segmentation based on maximumlikelihood estimation and optimum entropy-distribution (MLE_OED),” Pattern Recog. Lett. Vol.
15, no. 10, pp. 1133_41, 2004.

©IJRASET (UGC Approved Journal): All Rights are Reserved




International Journal for Research in Applied Science & Engineering Technology (IJRASET)
ISSN: 2321-9653; IC Value: 45.98; SJ Impact Factor: 6.887
Volume 6 Issue 111, March 2018- Available at www.ijraset.com

S. Choi, and R. Wette, “Maximum likelihood estimation of the parameters of the gamma distribution and their bias,” Technometrics. Vol. 11, no. 4, pp.
683_90, 1969.

C. M. Bishop, Pattern Recognition and Machine Learning. New York: Springer, pp. 1- 5, 2006.

W. Gibson, Pattern Recognition. Berkley: Berkley Press, pp. 74- 89, 2005.

S. Theodoridis, A. Pikrakis, K. Koutroumbas, and D. Cavouras, Introduction to Pattern Recognition: A Matlab Approach. Burlington, VT: Academic Press,
2010

J. Bezdek, “Computing with uncertainty,” IEEE Commun. Mag., Vol. 30, no. 2, pp. 24- 36, 1992.

L. Clarke, R. P. Velthuizen, S. Phuphanich, J. Schellenberg, J. Arrington, and M. Silbiger, “MRI: Stability of three supervised segmentation techniques,”
Magn. Reson. Imag., VVol. 11, no. 1, pp. 95- 106, 1993.

S. Hua, and P. Shao, “Improved nearest neighbor interpolators based on confidence region in medical image registration,” Biomed. Signal Process. Control,
Vol. 7, no. 5, pp. 525+ 36, 2012.

Rama Gaur, and V.S. Chouhan , “Classifiers in Image processing”, International Journal on Future Revolution in Computer Science & Communication
Engineering , Volume: 3 Issue: 6

Chaitali Dhaware, and K. H. Wanjale, “Survey On Image Classification Methods In Image Processing “, International Journal of Computer Science Trends
and Technology (IJCS T) — Volume 4 Issue 3, May - Jun 2016

Guo Yigiang, Wu Yanbin, Ju Zhengshan, Wang Jun, Zhao Luyan. “Remote sensing image classification by the Chaos Genetic Algorithm in monitoring land
use changes” Elsevier Mathematical and Computer Modelling 51, pp 1408- 1416, 2010.

K.Manjula, K.Vijayarekha, and P.Vimaladevi, “REVIEW ON CLASSIFICATION ALGORITHMS IN IMAGE PROCESSING”, International Journal of
Innovative Trends in Engineering & Research Volume 2, Issue 11; November - 2017

Reymond Joseph A. Cabrera , Criselle Amor P. Legaspi , Erika Jasmine G. Papa , Reden D. Samonte , and Donata D. Acul “HeMatic: An Automated
Leukemia Detector With Separation of Overlapping Blood Cells through Image Processing and Genetic Algorithm “

©IJRASET (UGC Approved Journal): All Rights are Reserved




d lIsRA

ef n\m
cross’ COPERNICUS

10.22214/1JRASET 45,98 IMPACT FACTOR: IMPACT FACTOR:
7.129 7.429

INTERNATIONAL JOURNAL
FOR RESEARCH

IN APPLIED SCIENCE & ENGINEERING TECHNOLOGY

Call : 08813907089 (V) (24*7 Support on Whatsapp)




